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.33 .
1
De fault De fault, , De -
Sault 1, 0.
T .
IRR(%) Amount; = ; Rep“{fitf;]gt ilou“‘
P
Interest( %) , 1%,
Term( ) s 3.6.9.12.,18.24.36
Ln(Amount) (¥)
HR HR(High Risk) 1,
0
Male 1 0
Age
Bachelor 1, 0
MasterOrAbove . 1, 03
Employ(3—>5yrs) 3—5 3—5 1. 0
EmployGyrs+) 5 5, 1, 0
Income(¥ 5,000 — 10,000 0—10,000 . 0 10.000 ' A
Income(¥ 10,000 — 20,000) 10,000— 20,000 . 10000720600
Income(¥ 20,000 — 50,000) 20,000 50,000 ! . 20-000750-000 '
Income(¥ 50,000+) 50,000 . 20000 ' a
Ln(Income/Debt)
1
House 1, 0
Mortgage s 1, 0
Car . 1, 0
CarLoan s 1, 0
AnalysisTime( %)
3 s o Default 0—1 ,
Probit ’ :
3.1 Pr(Default; =1) = F(a+%* Herding;+7y*
Characteristic; +e;)
R 7 i, Characteristic;
o b i o
(Herding) \ \
, (De fault) )
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, 2 Hour — of — —of— Year .
Day Day—of — Week Month
2 ( )
De fault
(@Y (2) (3)
Herding —0.108*** —0.102** —0.109*** —0.017
(—2.662) (—2.498) (—2.642)
Interest 0.028* ** 0.030* ** 0.040* ** 0.003
(4.655) (4.868) (6.198)
Term 0.156*** 0. 154 % ** 0. 144*** 0.021
(4.305) (4.229) (3.932)
Ln(Amount) 0.050* ** 0.050%* ** 0.050* ** 0. 006
(19.115) (19.108) (18.882)
HR 1.326*** 1.327*** 1.317*** 0.163
(26.378) (26.299) (25.91D)
Male 0. 144*** 0. 145*** 0. 148* ** 0.018
(3.212) (3.231) (3.290)
Age 0.015* ** 0.015* ** 0.015*** 0. 002
(5.889) (5.982) (6.012)
Bachelor —0.367*** —0.368*%** —0.367*%** —0.041
(—10. 304) (—10.321) (—10. 245)
MasterOrAbove —0.829*** —0.831*** —0.829*** —0.067
(—6.313) (—6.334) (—6.288)
Employ(3 — 5yrs) —0.097%* —0.097% * —0.090% * —0.012
(—2.488) (—2.486) (—2.289)
EmployGyrs+) —0.077** —0.077% —0.068* —0.009
(—2.026) (—2.030) (—1.794)
Income(¥ 5,000 — 10,000) —0.078 —0.074 —0.054 —0.013
(—0.787) (—0.747) (—0.539)
Income(¥ 10,000 — 20,000) —0.088 —0.083 —0.051 —0.015
(—0.703) (—0.662) (—0.406)
Income(¥ 20,000 — 50,000) 0. 057 0.068 0.108 0.001
(0. 386) (0.457) (0.719)
Income(¥ 50,000+) 0. 086 0.101 0.163 0.003
(0.471) (0.550) (0. 884)
Ln(Income/Debt) 0.071 0. 069 0.058 0.010
(1.446) (1.400) (1.164)
House 0.017 0.018 0.019 0.002
(0.502) (0.529) (0.538)
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2 ( )
De fault
(@) (2) (3)
Mortgage —0.219%** —0.221% % —0.223% %% —0.027
(—5.017) (—5.063) (—5.102)
Car —0.205*** —0.203*** —0.200*** —0.026
(—5.471D) (—5.39D) (—5.307)
CarlLoan 0.180* * * 0.179*** 0.170* ** 0.023
(3.012) (2.993) (2.834)
—5.080*** —5.142*** —5.137***
(—12.564) (—12.475) (—12.299
Hour—of —Day
Day— of — Week
Month—of — Year
16,167 16,167 16,167
Pseudo R—squared 0. 250 0.251 0. 254
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, o
, s
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; . . 1%

, s

t . o

3
t p
Interest 13. 335 3.051 13. 309 2.793 0. 325 0.372
Term 9.708 7.205 9.556 6. 881 0.799 0.212
Ln(Amount) 9. 357 1. 089 9.354 0. 945 0.097 0.461
HR 0.625 0.484 0. 608 0.488 1.277 0.101
Male 0.871 0. 336 0. 865 0.341 0.637 0.262
Age 32.982 6.474 33. 041 6.785 —0.332 0. 370
Bachelor 0. 307 0.461 0. 307 0. 009 0.029 0.488
MasterOrAbove 0.032 0.177 0.030 0.003 0.623 0. 267
Employ(3 — 5yrs) 0.224 0.417 0.222 0.416 0. 194 0.423
Employ(5yrs+) 0.329 0.470 0.336 0.472 —0. 544 0.293
Income(¥ 5,000 — 10,000) 0.270 0. 444 0.268 0.443 0.152 0. 440
Income(¥ 10,000 — 20,000) 0. 148 0. 355 0. 144 0. 351 0.497 0. 310
Income(¥ 20,000 — 50,000) 0.131 0. 337 0.137 0. 344 —0.713 0.238
Income( ¥ 50,000-+) 0.106 0. 308 0.110 0.313 —0.521 0. 301
Ln(Income/Debt) 1. 268 1. 141 1.282 1.128 —0.478 0.317
House 0.561 0.496 0. 559 0.497 0. 190 0.425
Mortgage 0.224 0.417 0.218 0.413 0. 585 0.279
Car 0.421 0.494 0.422 0. 494 —0.082 0.467
CarLoan 0. 081 0.273 0. 084 0.277 —0.393 0. 347
De fault 0.115 0. 320 0.138 0. 343 —2.359*** 0. 009
Lk oKk 1% L,k K 5% L% 10%
3.3 AnalysisTime
> o
s s
s o o
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Cox
s
, Herding
% ; Cox ,Herding
2 Herding 25% 25% 1,
83.4% .
o ’ s
s
o s s
, 10 o
4
Cox
Herding —0.180* ** 0. 835 —0.182%*** 0.834
(—2.749) (—2.766)
Interest 0.077*** 1. 080 0.076%** 1.079
(7.477) (7.384)
Term 0.369*** 1. 446 0.377*** 1.458
(6.236) (6.377)
Ln(Amount) 0.055%** 1. 056 0.050% ** 1.052
(15.507) (14.173)
HR 2.380% ** 10. 810 2.357*** 10. 559
(21.762) (21.58D)
Male 0.238*** 1. 269 0.234*** 1. 264
(3.367) (3.304)
Age 0.019*** 1.019 0.019*** 1.019
(5.129) (5.106)
Bachelor —0.607*** 0. 545 —0.604*** 0. 546
(—10. 149 (—10.116)
MasterOrAbove —1.269*** 0. 281 —1.258*** 0.284
(—5.332) (—5.287)
Employ(3—5yrs) —0.152%* 0.859 —0.151%* 0. 860
(—2.438) (—2.408)
Employ(5yrs+) —0.158%** 0.854 —0.155% % * 0.856
(—2.649) (—2.598)
Income(¥ 5,000—10,000) —0.489* * * 0.613 —0.508*** 0. 602
(—3.02D) (—3.138)
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Cox

Income(¥ 10.000—20.000) —0.533*** 0. 587 —0.558*** 572
(—2.600) (—2.721)
Income(¥ 20,000—50,000) —0.319 0.727 —0. 359 . 698
(—1.316) (—1.482)
Income(¥ 50,000+) —0. 351 0. 704 —0.401 . 670
(—1.187) (—1.354)
Ln(Income/Debt) 0.265% ** 1. 303 0.274%** . 315
(3.403) (3.52D)
House 0.027 1.028 0.029 . 030
(0.503) (0.536)
Mortgage —0. 340% % * 0.712 —0.340% % * 712
(—4.803) (—4.803)
Car —0.282*** 0. 754 —0.277*** . 758
(—4.703) (—4.611)
CarLoan 0.192** 1.211 0.187** . 205
(2.030) (1.977)
—15.012*** 3.02e—7
(—21.472)
Hour—of — Day
Day— of — Week
Month—of— Year
16,167 16,167
Wald chi2 6,089. 94 28,016. 54
Prob>chi2 0. 000 0. 000
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Herding s
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o s
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Wisdom of Crowds from P2P Lending Investors

LIAO Li, XIANG Jia, WANG Zheng-wei
(PBC School of Finance, Tsinghua University, Beijing 100083, China)

Abstract: The de-professionalized trend in Internet financial investment highlights the significance of crowd
views, and the wisdom of crowd is increasingly attracting researchers’ attention. The objective of this
study to explore the predictive power of crowd views towards default rate by analyzing the evidence from
P2P lending. The transaction data from Renrendai, a main P2P lending platform in China, is employed and
the herding measure index of each loan is constructed for data analysis. It is found that the default rate of
loan decreases as the herding effect of investors boosts under the control of all the other characteristics of
loans and borrowers using Probit regression model. Further, regarding two loans with very similar charac-
teristics, the loan with stronger herding effect is significantly less likely to default compared with the loan
with weaker herding effect using the propensity score matching method. Herding, therefore, is informa-
tive in judging the probability to default. The duration analysis also indicates that loans with higher her-
ding effect will significantly be less likely to default in the next month conditional on the loan repaid punc-
tually for several months. With all the conclusion above, it is concluded that the crowd has wisdom in P2P
investment and the wisdom of crowd offers new information to this investment. This conclusion is also
helpful during investors’ investment decisions process.

Key words: wisdom of crowd; herding; P2P lending



